
Data Science Approaches to Assess Suicide Risk:
Matching tools with jobs

Greg Simon
Kaiser Permanente Washington Health Research Institute

Support from:
NIMH: U19MH121738
FDA: HHS F223201810201C
No other disclosures



Suicide prevention jobs for data science tools:
 Inference for generalizable knowledge

Example: Students who are subject to online bullying are at high risk.
 Detection of “hotspots” for community-level intervention

Example: Students in this high school are at high risk now.
 Detection for individual-level intervention

Example: This student is experiencing suicidal ideation now.
 Prediction for individual-level intervention

Example: This student will more likely attempt suicide in the next month.



Evaluating tools for hotspot detection

 Separating detection from inference (tools for inference are different)
 Distinguishing true from chance findings
 Considering consequences of false-positive errors
 Matching timing of detection with timing of any intervention



Tools for individual detection/prediction

 Consequences of false positive errors (What would this prompt you to do?)
 Consequences of false negative errors (What would you be reassured to not do?)
 Who discovers vs. who acts
 Matching timing of detection with timing of intervention



Considering risks and rights

 Well-intentioned interventions can still cause harm
 Sharing risk information across boundaries risks privacy
 Respect for autonomy concerns rights, not risks



Ethical concerns in perspective
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The dilemma:

Data aggregator info is very/extremely important to identify risk: 70%

Using those data to identify suicide risk is acceptable: 34% 


	Data Science Approaches to Assess Suicide Risk:�Matching tools with jobs
	Suicide prevention jobs for data science tools:
	Evaluating tools for hotspot detection
	Tools for individual detection/prediction
	Considering risks and rights
	Ethical concerns in perspective
	The dilemma:

