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Precision Neuroscience

Clinical Diagnoses Diseases Defined High Genetic Correlation Diagnoses Change
Based on Symptoms Before Modern Biology Among Diseases Over Time
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Precision Measures




Digital Measures Access Neural Computations
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Digital Measures Unvelil Hidden Symptoms
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Previously defined as patients with
measurable amyloid and tau pathology
with no cognitive symptoms.
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The Increasing Power of Prediction

Tau PET is currently the best biomarker
predictor of cognitive decline

www.nature.com/mp Molecular Psychiatry

ARTICLE OPEN M) Check for updates
Alzheimer’s disease profiled by fluid and imaging markers: tau

PET best predicts cognitive decline

Marco Bucci(®', Konstantinos Chiotis(®'? and Agneta Nordberg ®'?™ for the Alzheimer’s Disease Neuroimaging Initiative

© The Author(s) 2021

Tau PET spread is predictable along
the connectome

A. Alzheimer’s disease progression via network diffusion model
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Towards Digital Twins

* Parameterize patient-
specific model from
measurements

* Model / simulate impact
of treatment or
intervention options on
future state

| + Inform decision-making

Adjusting for
Covariates 1n
Randomized Clinical
Trials for Drugs and

Biological Products
Guidance for Industry

U.S. Department of Health and Human Services
Food and Drug Administration
Center for Drug Evaluation and Research (CDER)
Center for Biologics Evaluation and Research (CBER)
Oncology Center of Excellence (OCE)

May 2023
Biostatistics




A Foundational Perspective on Scale

Where, today, is data being aggregated at a large enough scale for foundational models to be near -term transformational?
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“All that exists is the seed of what will emerge from it” — Marcus Aurelius

Thank You




	Slide Number 1
	Slide Number 2
	Slide Number 3
	Slide Number 4
	Slide Number 5
	Slide Number 6
	Slide Number 7
	Slide Number 8
	Slide Number 9
	Slide Number 10

