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Dataset Overview: Examine daily electricity consumption for over 80,000
households in Tallahassee for the 2019 summer period (May — September),

merged with daily weather conditions, and socioeconomic demographic data. Discussion and Conclusion

Merged Household Weather Data * |n Leon County, electricity use rises steadily with heat index 105.74°F, but plateaus at high
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« At extreme Heat Index the relationship between Heat Index and income diverges with lower- in Leon County, FL
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Piecewise Two-Way Fixed Effects Model: Includes household fixed effects, with
controls for weather variables The breakpoint (bp) captures the shifts in electricity use.
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